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GElanNet : E[ZEEi2 AR KBS
From Algorithm to Real-World Deployment

One Edge Al Core Across Multiple Domains

Self-Developed Edge Al Algorithm

Smart
Transportation

Drones
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GElanNet 73 EFR E A A B2 FA
YOLO-Level Vision, Optimized for On-Device Deployment
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Compute Efficiency @
YOLO-Level, 1/3 Compute

© L&32E X % ﬁ Power Efficiency @
GElanNet
= Small Form Factor @

- (™" Fits on Device

pased or

Low Power, Built for Edge

Low Cost @

Production-Ready
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GElanNet 25T TE

Normal Variations Rare Case

AR / GAI
Data Augmentation

Synthesizes Rare
Scenarios — Lighting,
Weather, Edge Cases

6 Labels

Active
Learning

Selects Only The
Highest-value Samples
for Labeling
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Knowledge
Distillation

Compresses Large
Model Accuracy
into Soc-friendly Size



@gElanNet

Al X Drone

Intelligent Unmanned
Aircraft Systems
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Al-Powered Drone Vision
Recognition System

Al Target Detection & Tracking

Obstacle Avoidance

@
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Power Saving Compact Size Ultra-Lightweight Lower Cost Extended Flight Range
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NVIDIA Jetson Orin (275 TOPS) Qualcomm QRB5165 (15 TOPS)
Obstacle Avoidance Gimbal

PCB Size —
6 Cameras 3505 x 1651 x 1194 mm 3 Cameras

Obstacle Av0|dance (8 TOPS)L Solution _

Gimbal (2 TOPS)

PCB Size - 60 x 57 x 2 Pcs PCB Size - 38 x 38 x 3 Pcs
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Al Target Detection & Tracking
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« Accurate Target Lock

« Higher Mission Efficiency
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ZEMini LED Local Dimming R fif 22+ i FE A3 12 Hth B 32 1) 23

High Contrast and Power Efficiency for Drones in Outdoor Light

C

5. >4000nits () >20000:1

.

/

2~ High Brightness High Contrast
sy >600 5] Power Saving
HDR Extended Battery Life

Glove Touch Waterproof  Frozen Touch

Cotton / Thick Glove @ Rain / Seawater / Outdoor @ Extreme Weather /Frost @




#F&Image Signal Processor (ISP)

fEE

YARKY,

I PAFE A E

Wide-Angle Correction and HDR for FPV-Class Drones (5P 8 % A #)

gnal Processor Chip

(BFZIERS

« Wide Horizontal FOV 150°
 Lens Distortion Correction

« Analog Output Clarity

 Enhanced Dark Detail
 Full-Color Night Vision
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Al x ITS

Intelligent Transportation
System




R&D / Production in Taiwan

Real-time Image Recognition
& Traffic Flow Analysis

PERSON

Multi - Al Traffic Functions
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Millisecond-Level
Traffic Flow Detection

Al RL Traffic Signal Algorithms

Edge-Based Dynamic
Traffic Signal Control
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E-PASS

EDGE PEDESTRIAN Al
SAFETY SYSTEM
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Edge-based Pedestrian
Al Safety System
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EaAREZEESERARA E
Low Latency - Low Power Edge Al for Pedestrian Safety

GElanNet

Real-Time Traffic Information
Collection System

Al RL Based Adaptive Traffic
Signal Control System

Smart Safety System for
Vulnerable Road Users

ELAN ITS Solutions Honored
at COMPUTEX Taipei 2025 %
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@gElanNet

Al x ADAS

Advanced Driver
Assistance Systems




EEMNPHPTENFTESEFREE On-Device Al JEE X - GElannet

I\/IuIti—tasks in Unify Model |
ERIE S T ) GElanNet
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Object Detection + Segmentation + Car-Lane Line

I ERI K 38+ O] (TR B B + EE B 4R

Task 1: BE A Task 2: AJ TR Bt E Task 3: E2iE#R 128
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GElanNet® X IZ X EEEIR A

Front Camera Rear Fisheye Camera
Al @1 TOPS p— Al @1 TOPS
Front = Rear = 3
View ’ View
Blind Spot : :
Information System Driver Monitor System
Side In-Cabin

View - View




# & Al-enabled ADAS Level 2+ for eBus & Logistics Vehicles

_ CHIYISIA? £ YL
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Front Camera with Al @1 TOPS |

Object Detection

+ Drivable Road Segmentation + Car-Lane Line

SIVSES

ﬁﬁﬁﬁ?ﬁ%ﬁ FCW (Front Collision Warning)
EHfpES = wﬁg HMW (Headway Monitoring Warning)
EL{F*% =7~ LDW (Lane Departure Warning)

T AERHIZER row (Pedestrian Detection Warning)
BB EE IR scw (Slide Collision Warning)

ﬁiﬁi%ﬁ?&ﬁ FMW (Forward Move Warning)

A %EE%?{EE,E\“ (Al based Multi-Lane Detection)

iﬁﬁs ‘i(i’tﬁ}ﬁ)#UEIJ (Road Edge/ Lane Detection)

E_l- EE ESZ#J/EJU (Drivable Area Detection)




RERTERME AT EER T 4177 % (RVS)

. Rear Fisheye Camera with Al
BB = THERL @ 1 TOPS

oy
-

./
| L\\ l B EBIZRZHE RCTA (Rear Cross Traffic Alert )

RNt EBRLEMBEIIZER svaw
' (Backward Vehicle Approaching Warning )

*gébq:@ 1&;,5‘“ MOD (Moving Object Detection)
E?ﬁﬁi?ﬁﬂfﬂﬁiﬂu DRD (Drivable Road Detection)

B EHE 7R BsW (Blind Spot Warning)

EBRLEWMERMEES rcw

(Rear Collision Warning)

E PR E&%%DOW (Door Open Warming)




ZEEBRITREEZS (DMS)
Multi-tasks in Unify Model

Yaw BE0E / Pitch Green: $25E(KEE

DMS
(e |
AN Eye Closing Frequency 8, Head Precision Detection
. Yawn Detection <D Gaze Estimation
g Distraction Detection S@ Attitude Abnormal Detection
\ : . & .
= Smoking Detection & Seat Belt Detection

& Using Cellphone Detection
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ZFZADAS Level 2 Solutions

BC Enhanced Lane Assistance |
_ Navigator 3.0 (ELAN) [

Wlkane Following System(LFS)
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KIETTEERIT I Z4 ADAS Level 2 FERIT ==

X * Perception SREE Decision 1T Actuator

ElanNet

ﬁgr@}%u
ADASIHEE Steering Control
— g - M | [

— S

Front Function eI
Camera Arbitration Brake Control
(Level 2)

BE e SE P ZE
mmwW AR S Accelerator
Radar ELAN Al' Control

Sensor Fusion Cruise. Al
for Level 2
RIEEN AT T EHE

Environment HMI Control

Information

Lane Following System Lane Keeping Assistance Autonomous Emergency Braking Adaptive Cruise Cotrol
(LFS)EEEIRBEEH BN 2 47 (LKA) B BT BN 224 (AEB)BENZE 2 RE R (ACO) EENNEFEHE TR



%2 ADAS Level 2+ Camera Perception

= ’\
Fx




\

=EBEMSEHYEHREFENER - HRLURRHENEREERE IR Al
mARALE  HEFASSIESRRE - ER ADAS - A - EAFEKERAS -
ZEMPHERSIEBITHREAMENESRA GElanNet © EIFER AR Al
SR PEESEEZEEZOKINNAR® - dRUREERE KB ABNEEE/) - BEIS
MA AR K& R% Al #17 Data Augmentation IEIEZEBABIRMNERE - F2
{E AR BEE I KIgIES -

-







	投影片 1
	投影片 2
	投影片 3
	投影片 4
	投影片 5
	投影片 6
	投影片 7
	投影片 8
	投影片 9
	投影片 10
	投影片 11
	投影片 12
	投影片 13
	投影片 14
	投影片 15
	投影片 16
	投影片 17
	投影片 18
	投影片 19
	投影片 20
	投影片 21
	投影片 22
	投影片 23
	投影片 24
	投影片 25
	投影片 26
	投影片 27: 關鍵指標拆解：我們如何量化 「安全」與「可靠」
	投影片 28
	投影片 29
	投影片 30
	投影片 31
	投影片 32
	投影片 33
	投影片 34
	投影片 35
	投影片 36
	投影片 37
	投影片 38
	投影片 39
	投影片 40
	投影片 41
	投影片 42

